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Abstract 
The growing use of predictive analytics in healthcare is an opportunity and a critical challenge for 

mental health care delivery, particularly among marginalized communities. While predictive methods 

such as machine learning models, natural language processing, and risk stratification systems have 

shown potential for improving diagnostic, preventive, and treatment outcomes, their advantages are 

frequently unevenly distributed. The purpose of this review is to critically examine how predictive 

analytics can be effectively integrated with culturally competent care to close existing gaps in mental 

health treatment for marginalized communities. Findings from the review indicate that predictive 

analytics can improve clinical decision-making, enable early intervention, and customize treatment 

paths when developed, considering inclusivity. However, current predictive models frequently struggle 

with data bias, limited cultural adaptability, and insufficient community engagement, exacerbating 

rather than reducing inequities. Therefore, bridging the gap between predictive analytics and culturally 

competent mental health care is a technological and ethical imperative. This necessitates a multifaceted 

approach that combines inclusive data gathering, culturally conscious algorithm design, 

interdisciplinary collaboration, and strong policy monitoring.  

 

Keywords: Health equity, mental health disparity, data-driven interventions, health care, inclusive 

systems 

 

1. Introduction 

Mental health is an important component of overall well-being; however, global mental 

health systems remain unequal, particularly for those from marginalized groups (Murthy, 

2022) [24]. These populations, which include racial and ethnic minorities, indigenous peoples, 

immigrants, refugees, and people from socioeconomically disadvantaged backgrounds, bear 

disproportionately high burdens of mental health disorders while facing significant barriers 

to effective care. Historical injustices, structural racism, systematic negligence, and cultural 

stigma have all influenced their interactions with mental health services, leading to mistrust, 

misdiagnosis, undertreatment, or full exclusion from official care systems (Hamed et al., 

2022) [13]. As a result, while mental illness affects all demographics, the mental health needs 

of marginalized communities are generally unmet, perpetuating cycles of vulnerability and 

exclusion.  

Mental health treatment is being transformed by significant advances in data science and 

digital technologies, notably the application of predictive analytics. Predictive analytics is 

the application of statistical techniques, machine learning, and artificial intelligence to 

analyze large datasets and predict outcomes (Graham et al., 2019) [11]. These technologies 

can be used to identify people who are at high risk of developing mental disorders, predict 

treatment outcomes, track progress in real time, and optimize resource allocation. Data 

sources include electronic health records and clinical notes, as well as digital phenotyping 

through mobile devices and social media activity (Lee et al., 2021) [19]. Predictive analytics 

can potentially improve mental health care by making it more proactive, personalized, and 

scalable. However, these technologies are frequently built and trained using data from 

dominant populations, with no concern for cultural diversity or the contextual realities of 

marginalized groups, adding significant dangers of bias, exclusion, and ethical harm (Van 

Calster et al., 2019) [32]. 
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Culturally competent care refers to the ability of health 

systems and carers to deliver services that respect and 

respond to patients' cultural identities, values, and beliefs. It 

involves a thorough grasp of how cultural settings influence 

mental illness experiences, aid-seeking behaviours, and 

treatment preferences (Stubbe, 2020) [29]. In the lack of 

cultural competence, predictive systems run the risk of 

pathologizing culturally accepted behaviours, 

misinterpreting symptoms, and making unsuitable or 

harmful suggestions. Furthermore, predictive technologies 

applied without community engagement have the potential 

to increase current healthcare mistrust and reinforce 

technology exclusion among people already marginalized 

by the digital divide (Lekas et al., 2020) [20]. This gap 

highlights the important need to combine predictive 

analytics with culturally sensitive mental health care 

approaches. This research review, therefore, aims to bridge 

that gap by investigating how predictive analytics can 

potentially be ethically and effectively integrated into 

culturally competent mental health care delivery for 

marginalized populations. 

 

 
 

Fig 1: Framework illustrating the integration of predictive analytics in mental health treatment transformation. 

 

The figure depicts how data science and digital technologies 

particularly machine learning, artificial intelligence, and 

statistical modeling enable predictive analytics to 

revolutionize mental health care. Key components include 

data acquisition from electronic health records, clinical 

notes, mobile device sensors, and social media activity, 

which feed into predictive models to identify high-risk 

individuals, forecast treatment outcomes, monitor progress 

in real time, and optimize resource allocation. The 

framework emphasizes the dynamic feedback loop between 

data inputs, predictive modeling, and personalized mental 

health interventions, as described by Graham, Holt-Lunstad, 

and Smith (2019) and Lee, Johnson, and Patel (2021). 

 

2. Overview of Predictive Analytics in Mental 

Healthcare 
Predictive analytics in mental health care involves the 

application of data-driven algorithms and computational 

models to estimate individual mental health trajectories and 

aid in clinical decision-making (Becker et al., 2018). These 

tools use a variety of data sources, including electronic 

health records (EHRs), clinical assessments, prescription 

histories, mobile device usage, social media behaviour, 

biometric sensors, and even voice and text inputs, to identify 

patterns and predict outcomes such as the likelihood of 

developing a mental disorder, risk of self-harm, likelihood 

of hospital readmission, or treatment responsiveness (Batko 

& Ślęzak, 2022). Therefore, approaches such as logistic 

regression, as well as newer machine learning algorithms 

like decision trees, support vector machines, random forests, 

and deep learning models like artificial neural networks, are 

commonly used predictive tools. 

More advanced approaches use natural language processing 

(NLP) to extract insights from unstructured clinical notes, 

patient narratives, and other text data, whereas digital 

phenotyping enables the passive collection of behavioural 

data via smartphones and wearable devices to detect subtle 

changes in mood or activity patterns (Chen et al., 2020) [4]. 

Real-time monitoring systems can be implemented into 

digital platforms to observe user activity and provide 

adaptive feedback or intervention suggestions. These 

techniques can potentially improve precision psychiatry by 

personalizing care to each individual's risk profile and 

experience. Approaches that combine multiple predictive 

models to enhance performance are also being utilized more 

frequently to improve prediction resilience in complex 

mental health scenarios (Huter et al., 2020) [15].  
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2.1 Applications for Diagnosis, Prevention, and 

Treatment 
Predictive analytics has practical applications in mental 

health, including diagnosis, prevention, and treatment, and it 

provides tools for shifting care delivery from reactive to 

proactive. Predictive models can help clinicians diagnose 

mental health issues by detecting minor symptoms before 

they become clinically apparent (Garriga et al., 2022) [9]. 

Specifically, machine learning algorithms have been used to 

detect early indicators of depression, schizophrenia, and 

post-traumatic stress disorder by analyzing language use, 

sleep behaviour, and health-care utilization patterns. 

Predictive technologies can also analyze longitudinal EHR 

data to identify individuals who are at risk of developing 

chronic or comorbid mental health problems, allowing for 

early intervention and improved results (Lee et al., 2021) 

[19]. 

Predictive analytics is used in prevention to identify 

individuals or communities that are at high risk due to 

environmental, genetic, or behavioural variables. These 

models can be utilized in schools, workplaces, and primary 

care settings to develop targeted screening programs and 

provide timely psychoeducation and mental health support. 

Predictive methods in treatment help to personalize 

medicine by predicting how a patient will respond to a given 

therapy, such as cognitive behavioural therapy (Van Calster 

et al., 2019) [32]. This enables clinicians to choose therapies 

that are most likely to be beneficial, reducing trial-and-error 

and increasing adherence. Predictive analytics can also help 

systems prioritize high-risk patients for more intense 

interventions or follow-up care, which is particularly useful 

in contexts where mental health facilities are scarce. 

 

2.2 Current Limitations and Biases in Mental Health 

Algorithms 

Despite the potential, the use of predictive analytics in 

mental health care is hindered by constraints and ethical 

concerns, particularly in ensuring fairness and effectiveness 

across diverse populations. The majority of predictive 

models are trained on datasets that do not represent 

marginalized people, such as ethnic minorities, non-Western 

populations, indigenous groups, or low-income individuals 

(Norori et al., 2021) [25]. This lack of diversity causes 

algorithmic outputs to be less accurate or completely invalid 

for some populations, resulting in misdiagnosis, improper 

risk categorization, or ineffective treatment suggestions. For 

example, a model trained on clinical data from urban white 

populations may miss culturally nuanced expressions of 

distress in rural or minority populations (Norori et al., 2021) 

[25]. 

Additionally, the black-box character of many machine 

learning models, particularly deep learning systems, remains 

another significant restriction that generates results that lack 

apparent explanations. This lack of transparency makes it 

difficult for clinicians and patients to understand, trust, and 

act on the predictions, especially in sensitive and value-

laden fields such as mental health (Yang et al., 2022) [35]. 

The use of non-clinical data, such as social media or mobile 

app usage, raises new concerns about permission, privacy, 

and monitoring, particularly when deployed without proper 

safeguards or in vulnerable areas. Furthermore, an 

overreliance on algorithmic decision-making risks 

dehumanizing care by reducing complicated human 

experiences to data points without taking into account the 

larger cultural, or relational settings that influence mental 

health (Househ et al., 2019) [14]. 

There is also a concern that predictive analytics can 

unintentionally magnify preexisting systemic biases. For 

example, if a model replicates historical trends of 

underdiagnosis in Black patients or over policing of people 

with mental illnesses, automated judgements may perpetuate 

these injustices (Jindal, 2022) [16]. Without deliberate 

attempts to eliminate prejudice and ensure equity, these 

tools may exacerbate rather than alleviate inequities. While 

predictive analytics has powerful capabilities, it must be 

used critically and cautiously, supported by diverse datasets, 

transparent algorithms, inclusive design practices, and 

strong ethical oversight to ensure that it contributes 

meaningfully to culturally competent and equitable mental 

health care. 

 

3. Cultural Competence in Clinical Contexts 

Cultural competency in mental health treatment refers to the 

ability of practitioners, organizations, and health systems to 

effectively deliver services that meet the social, cultural, and 

linguistic needs of a diverse patient population (Chu et al., 

2022) [6]. In clinical settings, it is more than just 

acknowledging differences; it is a continuous process of 

developing awareness, knowledge, and skills to understand 

and respond to the cultural factors that influence mental 

health experiences, help-seeking behaviours, diagnosis, and 

treatment compliance. Culturally competent care recognizes 

that mental health is influenced by cultural beliefs, customs, 

languages, and historical events solely by biology or 

psychology (Mollah et al., 2018) [23]. 

 

3.1 Barriers to Culturally Competent Service Delivery 

Despite rising awareness of its relevance, providing 

culturally competent mental health services presents 

significant hurdles. One important impediment is a lack of 

diversity in the mental health workforce, which can reduce 

cultural and linguistic compatibility between clinicians and 

patients. Particularly, when patients are unable to 

communicate in their chosen language or feel 

misunderstood in their cultural manifestations, trust and 

therapeutic participation diminish (Gopalkrishnan, 2018) [10]. 

The shortage of interpreters and culturally appropriate 

testing instruments, therefore, exacerbates the problem. 

Implicit bias and stereotyping pose further challenges such 

that even well-intentioned therapists may inadvertently use 

cultural prejudices, resulting in misdiagnosis or incorrect 

treatment. For example, cultural differences in emotional 

expression can result in overdiagnosis of psychotic diseases 

in some minority groups and underdiagnosis of mood 

disorders in others (FitzGerald & Hurst, 2017) [8].  

Furthermore, many countries' mental health systems are 

based predominantly on Western biomedical concepts, 

which may not be compatible with the explanatory 

frameworks or healing practices of all groups. This 

structural imbalance may alienate patients who might 

choose community-based, spiritual, or conventional 

treatment methods (Prajapati & Liebling, 2022) [27]. 

Structural disparities also create systemic impediments. 

Poverty, housing instability, prejudice, and limited 

healthcare access are examples of social determinants of 

health that can make it difficult for marginalized 

communities to access professional mental health services. 

Even when services are available, they may not be cost-
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effective, geographically accessible, or culturally sensitive 

(Pham et al., 2021) [26]. Furthermore, the lack of 

standardized cultural competence training in medical and 

mental health education means that providers enter practice 

with variable degrees of readiness. Therefore, to overcome 

these barriers, a multifaceted approach is required, including 

workforce diversification, integrating community health 

workers and cultural brokers into care teams, embedding 

cultural competence in health policy, and developing 

flexible care models that combine biomedical and culturally 

rooted approaches (Jongen et al., 2018) [17]. As such, without 

these initiatives, mental health institutions risk perpetuating 

injustices and failing to fulfil the demands of a more varied 

global population. 

 

4. Integration of Predictive Analytics with Cultural 

Competence 

The integration of predictive analytics with culturally 

competent mental health treatment is an important 

advancement towards improving equitable healthcare 

delivery for marginalized communities (McGregor et al., 

2020) [22]. Predictive analytics uses data-driven algorithms to 

spot patterns, forecast mental health concerns, and guide 

therapies, whereas cultural competence ensures that care is 

relevant to patients' various values, beliefs, and experiences 

(Siala & Wang, 2022) [28].  

 Opportunities for Integration 

The combination of predictive analytics and culturally 

competent mental health care presents a transformative 

opportunity to enhance outcomes for marginalized 

populations. Predictive analytics, which uses large-

scale data analysis and machine learning to estimate 

mental health risks and treatment trajectories, can be 

customized to reflect the cultural, linguistic, and 

socioeconomic realities of various populations 

(Koutsouleris et al., 2022) [18]. When cultural 

competence is incorporated into the design and 

implementation of these tools, they can go beyond 

general risk projections to provide nuanced insights that 

are relevant to the lived experiences of specific 

populations (Hahn et al., 2017) [12]. In this regard, 

algorithms trained on culturally representative datasets 

can identify stressors, coping techniques, and symptom 

manifestations specific to certain cultures, boosting 

diagnostic accuracy and early intervention. 

Furthermore, culturally informed prediction models can 

assist clinicians in prioritizing interventions that are 

consistent with their patients' values, beliefs, and 

preferences, so increasing trust and involvement in 

mental health services (Thieme et al., 2020) [30]. This 

collaboration therefore, enables more personalized, 

equitable care delivery, bridging the gap between 

technical innovation and human-centered clinical 

practice. 

 Risks of Algorithmic Bias and Cultural 

Misalignment 
Despite its potential, combining predictive analytics 

with culturally competent mental health care poses 

substantial hazards if not treated appropriately. 

Predictive models frequently rely on historical records, 

which may under-represent marginalized populations or 

reveal systematic biases in healthcare reporting 

(Timmons et al., 2023) [31]. This under-representation 

can result in distorted projections, since risk 

assessments fail to capture the true prevalence or 

manifestation of mental health disorders in specific 

cultural groups. Furthermore, cultural misalignment can 

emerge when algorithms interpret actions, distress 

idioms, or help-seeking patterns without taking cultural 

context into account, thereby misclassifying culturally 

normal experiences as disordered or ignoring genuine 

distress signals (Marcelin et al., 2019) [21].  

 

There is also a risk that prediction algorithms, if used 

without cultural protections, would reinforce prejudices or 

unintentionally stigmatize populations. For example, an 

algorithm may identify individuals from a specific ethnic 

group as high risk based on correlations rooted in 

socioeconomic deprivation rather than true mental health 

risks (Wesson et al). Therefore, without careful validation, 

comprehensive data collection, and continuing community 

consultation, these technologies risk undermining trust in 

mental health systems and exacerbating existing gaps.  

 

5. Strategies for Equitable Implementation  

To ensure equitable deployment of predictive analytics in 

culturally competent mental health care, deliberate 

approaches must address both the technological and social 

aspects of innovation. While predictive models can improve 

diagnosis, prevention, and treatment outcomes, their 

benefits are not always distributed equally among 

populations, especially in regions that have historically 

faced barriers to effective mental health care (Fisher & 

Rosella, 2022) [7]. Without deliberate effort, these tools risk 

reinforcing existing injustices through biased datasets, 

culturally misaligned outcomes, and restricted accessibility. 

Strategies for equitable implementation focus on building 

inclusive data ecosystems, encouraging true community 

interaction, incorporating co-design principles, and 

establishing policy frameworks that ensure justice, 

openness, and accountability (Chekroud et al., 2021) [3]. 

 Inclusive Data Practices and Community 

Engagement 
Equitable predictive analytics deployment in mental 

health care begins with inclusive data practices. 

Traditional datasets frequently under-represent 

marginalized people, resulting in algorithms that lack 

generalizability and unintentionally perpetuate health 

disparities. To address this, academics and practitioners 

must collect data that accurately reflects the 

demographic, cultural, and socioeconomic variety of 

the communities they serve (Norori et al., 2021) [25]. 

This entails including variables that capture cultural, 

language, and contextual variations in predictive 

models, in addition to traditional clinical and 

demographic data. 

 

 Policy Recommendations and Practice Guidelines 

Sustainable and equitable incorporation of predictive 

analytics into culturally competent mental health care 

necessitates strong legislative frameworks and practice 

guidelines. Before predictive algorithms are used in 

clinical settings, policymakers should implement 

legislation requiring algorithmic transparency, bias 

auditing, and equitable effect assessments (World 

Health Organization 2021) [34]. Guidelines should lay 

out best practices for culturally sensitive data 

collection, ethical AI governance, and ongoing model 
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monitoring to ensure that performance does not 

deteriorate or disproportionately harm specific groups 

over time (Chigozie K, E et al 2022) [5]. 

 

6. Conclusion  
The combination of predictive analytics with culturally 

competent mental health care represents a transformative 

potential to overcome long-standing gaps in service delivery 

for marginalized populations. This research review indicated 

that, while predictive techniques can considerably improve 

the precision of diagnosis, prevention, and treatment, it 

ensure that these breakthroughs are effectively matched with 

the cultural contexts of various groups. Predictive models 

that use inclusive datasets, account for socio-cultural 

determinants of health, and are created with direct 

community input are considerably more likely to produce 

equitable results. In contrast, neglecting to include cultural 

competence risks perpetuating the very injustices that these 

technologies seek to address, fostering mistrust in healthcare 

systems, and reducing the real-world impact of technical 

advances. 

Future directions necessitate a dual commitment that 

ensures technological brilliance and cultural responsiveness. 

This includes implementing inclusive data practices that 

account for the diversity of mental health experiences, 

employing co-design approaches to incorporate local 

knowledge into algorithm development, and fostering trust 

through transparent, accountable systems. Interdisciplinary 

collaboration among data scientists, doctors, social 

scientists, and community leaders will be critical for closing 

existing gaps. Furthermore, policymakers must take an 

active role in developing regulatory frameworks and 

funding mechanisms that prioritize fairness, safeguard 

vulnerable people from algorithmic harm, and encourage 

culturally sensitive innovation. 

 

References 

1. Batko K, Ślęzak A. The use of big data analytics in 

healthcare. Journal of Big Data 2022;9(3):1-24. 

https://doi.org/10.1186/s40537-021-00553-4 

2. Becker D, van Breda W, Funk B, Hoogendoorn M, 

Ruwaard J, Riper H, et al. Predictive modeling in e-

mental health: a common language framework. Internet 

Interv 2018; 12:57-67. 

https://doi.org/10.1016/j.invent.2018.03.002 

3. Chekroud AM, Bondar J, Delgadillo J, Doherty G, 

Wasil A, Fokkema M, et al. The promise of machine 

learning in predicting treatment outcomes in psychiatry. 

World Psychiatry 2021;20(2):154-70. 

https://doi.org/10.1002/wps.20882 

4. Chen X, Xie H, Cheng G, Poon LKM, Leng M, Wang 

FL. Trends and features of the applications of natural 

language processing techniques for clinical trials text 

analysis. Appl Sci 2020;10(6):2157. 

https://doi.org/10.3390/app10062157 

5. Chigozie KE, Michael AA, Joye S. Developing 

adaptive cybersecurity architectures using Zero Trust 

models and AI-powered threat detection algorithms. Int 

J Comput Appl Technol Res 2022;11(12):607-21. 

https://doi.org/10.7753/IJCATR1112.1024 

6. Chu W, Wippold G, Becker KD. A systematic review 

of cultural competence trainings for mental health 

providers. Prof Psychol Res Pract 2022;53(4):362-71. 

https://doi.org/10.1037/pro0000469 

7. Fisher S, Rosella LC. Priorities for successful use of 

artificial intelligence by public health organizations: a 

literature review. BMC Public Health 2022;22(1):1-12. 

https://doi.org/10.1186/s12889-022-14422-z 

8. FitzGerald C, Hurst S. Implicit bias in healthcare 

professionals: a systematic review. BMC Med Ethics 

2017;18(1):1-18. https://doi.org/10.1186/s12910-017-

0179-8 

9. Garriga R, Mas J, Abraha S, Nolan J, Harrison O, 

Tadros G, et al. Machine learning model to predict 

mental health crises from electronic health records. Nat 

Med 2022;28(6):1240-8. 

https://doi.org/10.1038/s41591-022-01811-5 

10. Gopalkrishnan N. Cultural diversity and mental health: 

considerations for policy and practice. Front Public 

Health 2018;6:179. 

https://doi.org/10.3389/fpubh.2018.00179 

11. Graham S, Depp C, Lee EE, Nebeker C, Tu X, Kim H-

C, et al. Artificial intelligence for mental health and 

mental illnesses: an overview. Curr Psychiatry Rep 

2019;21(11):116. https://doi.org/10.1007/s11920-019-

1094-0 

12. Hahn T, Nierenberg AA, Whitfield-Gabrieli S. 

Predictive analytics in mental health: applications, 

guidelines, challenges and perspectives. Mol Psychiatry 

2017;22(1):37-43. https://doi.org/10.1038/mp.2016.201 

13. Hamed S, Bradby H, Ahlberg BM, Thapar-Björkert S. 

Racism in healthcare: a scoping review. BMC Public 

Health 2022;22:988. https://doi.org/10.1186/s12889-

022-13122-y 

14. Househ M, Grainger R, Petersen C, Bamidis P, Merolli 

M. Balancing between privacy and patient needs for 

health information in the age of participatory health and 

social media: a scoping review. Yearb Med Inform 

2019;27(1):29-36. https://doi.org/10.1055/s-0038-

1641197 

15. Huter K, Krick T, Domhoff D, Seibert K, Ostermann 

KW, Rothgang H. Effectiveness of digital technologies 

to support nursing care: results of a scoping review. J 

Multidiscip Healthc 2020; 13:1905-23. 

https://doi.org/10.2147/jmdh.s286193 

16. Jindal A. Misguided artificial intelligence: how racial 

bias is built into clinical models. Brown Hosp Med 

2022;2(1):1-6. https://doi.org/10.56305/001c.38021 

17. Jongen C, McCalman J, Bainbridge R. Health 

workforce cultural competency interventions: a 

systematic scoping review. BMC Health Serv Res 

2018;18(1):1-15. https://doi.org/10.1186/s12913-018-

3001-5 

18. Koutsouleris N, Hauser TU, Skvortsova V, De 

Choudhury M. From promise to practice: towards the 

realisation of AI-informed mental health care. Lancet 

Digit Health 2022;4(11):e829-41. 

https://doi.org/10.1016/s2589-7500(22)00153-4 

19. Lee EE, Torous J, De Choudhury M, Depp CA, 

Graham SA, Kim H-C, et al. Artificial intelligence for 

mental healthcare: clinical applications, barriers, 

facilitators, and artificial wisdom. Biol Psychiatry Cogn 

Neurosci Neuroimaging 2021;6(9):856-64. 

https://doi.org/10.1016/j.bpsc.2021.02.001 

20. Lekas H-M, Pahl K, Fuller Lewis C. Rethinking 

cultural competence: shifting to cultural humility. 

Health Serv Insights 2020; 13:1178632920970580. 

https://doi.org/10.1177/1178632920970580 

http://www.psychiatrypaper.com/


International Journal of Research in Psychiatry  www.psychiatrypaper.com 

~ 17 ~ 

21. Marcelin JR, Siraj DS, Victor R, Kotadia S, Maldonado 

YA. The impact of unconscious bias in healthcare: how 

to recognize and mitigate it. J Infect Dis 

2019;220(2):62-73. 

https://doi.org/10.1093/infdis/jiz214 

22. McGregor B, Belton A, Henry TL, Wrenn G, Holden 

KB. Improving behavioral health equity through 

cultural competence training of health care providers. 

Ethn Dis 2020;29(S2):359-64. 

https://doi.org/10.18865/ed.29.s2.359 

23. Mollah TN, Antoniades J, Lafeer FI, Brijnath B. How 

do mental health practitioners operationalise cultural 

competency in everyday practice? a qualitative 

analysis. BMC Health Serv Res 2018;18(1):1-12. 

https://doi.org/10.1186/s12913-018-3296-2 

24. Murthy VH. The mental health of minority and 

marginalized young people: an opportunity for action. 

Public Health Rep 2022;137(4):1-6. 

https://doi.org/10.1177/00333549221102390 

25. Norori N, Hu Q, Aellen FM, Faraci FD, Tzovara A. 

Addressing bias in big data and AI for health care: a 

call for open science. Patterns 2021;2(10):100347. 

https://doi.org/10.1016/j.patter.2021.100347 

26. Pham TV, Koirala R, Kohrt BA. Traditional and 

biomedical care pathways for mental well-being in rural 

Nepal. Int J Ment Health Syst 2021;15(1):1-10. 

https://doi.org/10.1186/s13033-020-00433-z 

27. Prajapati R, Liebling H. Accessing mental health 

services: a systematic review and meta-ethnography of 

the experiences of South Asian service users in the UK. 

J Racial Ethn Health Disparities 2022;9(2):598-619. 

https://doi.org/10.1007/s40615-021-00993-x 

28. Siala H, Wang Y. SHIFTing artificial intelligence to be 

responsible in healthcare: a systematic review. Soc Sci 

Med 2022;296(2):114782. 

https://doi.org/10.1016/j.socscimed.2022.114782 

29. Stubbe D. Practicing cultural competence and cultural 

humility in the care of diverse patients. Focus (Am 

Psychiatr Publ) 2020;18(1):49-51. 

https://doi.org/10.1176/appi.focus.20190041 

30. Thieme A, Belgrave D, Doherty G. Machine learning in 

mental health. ACM Trans Comput Hum Interact 

2020;27(5):1-53. https://doi.org/10.1145/3398069 

31. Timmons AC, Duong JB, Simo Fiallo N, Lee T, Vo 

HPQ, Ahle MW, et al. A call to action on assessing and 

mitigating bias in artificial intelligence applications for 

mental health. Perspect Psychol Sci 2023;18(5):1062-

90. https://doi.org/10.1177/17456916221134490 

32. Van Calster B, Wynants L, Timmerman D, Steyerberg 

EW, Collins GS. Predictive analytics in health care: 

how can we know it works? J Am Med Inform Assoc 

2019;26(12):1651-4. 

https://doi.org/10.1093/jamia/ocz130 

33. Wesson P, Hswen Y, Valdez G, Stojanovski K, 

Handley MA. Risks and opportunities to ensure equity 

in the application of big data research in public health. 

Annu Rev Public Health 2022;43:1-18. 

https://doi.org/10.1146/annurev-publhealth-051920-

110928 

34. World Health Organization (WHO). Ethics and 

governance of artificial intelligence for health. Geneva: 

WHO; 2021. Available from: 

https://iris.who.int/bitstream/handle/10665/341996/978

9240029200-eng.pdf 

35. Yang G, Ye Q, Xia J. Unbox the black-box for the 

medical explainable AI via multi-modal and multi-

centre data fusion: a mini-review, two showcases and 

beyond. Inf Fusion 2022;77(1):29-52. 

https://doi.org/10.1016/j.inffus.2021.07.016 

  

 
How to Cite This Article 

Akinyelure FM. Bridging the gap: Integrating predictive analytics 

with culturally competent mental health care delivery in marginalized 

populations. International Journal of Research in Psychiatry 2023; 

3(2): 12-17. 

 

 

Creative Commons (CC) License 

This is an open access journal, and articles are distributed under the 

terms of the Creative Commons Attribution-NonCommercial-

ShareAlike 4.0 International (CC BY-NC-SA 4.0) License, which 

allows others to remix, tweak, and build upon the work non-

commercially, as long as appropriate credit is given and the new 

creations are licensed under the identical terms. 

http://www.psychiatrypaper.com/

